By comparing the results of SWAT model using the real land鄄use data in 2000 to that using the simulated land use data, which have exactly same mean slope and area of each land use type in each sub鄄basin as the real land use map. It was found that, the SWAT model could display a substantial correlation between the runoff, sediment yields, non鄄point source pollutants and with slope and area of land use type, but failed to demonstrate the sensitivity of the results of SWAT model to the difference in landscape metrics. Perhaps because the model calculated each HRU separately, then summarized them for the output of the watershed. That is to say, if the SWAT model was applied to evaluate the effects of planting trees in the riparian strips on water quality of a stream, only the increase of forest land area and the descent of forest land slope would be taken in account. However, the interaction between forest land and other land use types, which might be more significant in eco鄄hydrological dynamics, could not play a part in water quality evaluation by using SWAT model. With further analysis, it is found that the runoff outputs of SWAT model, by using land鄄use data with different landscape characteristics, could not only match the measured data, but perfectly match each other, just by adjusting model parameters. Therefore, an outwardly reasonable output of SWAT model could be a perfect simulation of real situations, or come from shrewd calibration of model parameters. As a result, the SWAT model is not the default one to simulate the hydrologic process changed by the change of landscape spatial configuration, the sensitivity of SWAT model on changes of landscape pattern can be enhanced by defining slopes with different gradients. [14] :
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